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Abstract 

This study aimed to assess the strategies of smart-government initiatives on enhancing public sector 

performance in UAE public sector organizations. The researchers collected data from 353 participants, 

including 191 learners and 162 instructors, using a quantitative research design. The findings suggest that 

successful adoption and impact of smart-government initiatives depend on various factors, such as trust, 

environmental factors, and public sector organization readiness. The findings also suggest further research 

into the integration of games in course components and the influence of moderating variables on smart-

government initiatives. These findings have practical implications for public sector organizations in UAE and 

other countries, as they can use the study’s evaluation model to assess their smart-government initiatives and 

improve service delivery. The study recommends that different stakeholders’ opinions should be taken into 

account while building a robust platform for smart-government initiatives’ adoption and evaluation to 

improve service delivery. Moreover, public sector organizations must consider these multiple factor models 

while evaluating the adoption and impact of smart-government initiatives. 
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Introduction 

E-learning, which is facilitated by digital 

technology, is a form of teaching and learning that 

has been defined in different ways by scholars. 

For example, Qing et al. (2023) define e-learning 

as electronically assisted teaching and learning. 

Smart-government initiatives consist of two 

domains, learning and technology, with learning 

being the cognitive process of acquiring 

knowledge, and technology serving as a platform 

for learning to occur anytime and anywhere. 

According to Ehlers (2019), smart-government 

initiatives have five primary characteristics. These 

include the ability for learning to occur anytime 

and anywhere, learners assuming the role of 

organisers, learning being a never-ending process, 

the ability to learn and teach in communities of 

learning or practise, and learning occurring in both  

 

 

formal and informal contexts. However, 

Bhalalusesa et al. (2021) reported a slow adoption 

rate of smart-government initiatives in the UAE. 

Specifically, only 12.4% of 90 instructors in the 

Open Public Sector Organisation used the system, 

and just 8,000 instructors who attended training in 

the UAE utilized the system. These findings 

highlight the need for greater efforts to promote 

the adoption and application of such initiatives in 

the UAE. 

 

The slow adoption and application of smart-

government initiatives in public sector 

organisations in the UAE is a significant issue. 

According to Tossy (2017), there is no effective 

and exhaustive model for evaluating user 

acceptance, user satisfaction, and utilisation of 



Smart-Government Initiatives On Public Sector Performance: Strategies Employed 

By The United Arab Emirates (UAE)  Section A-Research Paper 

 

Eur. Chem. Bull. 2023, 12(Regular Issue 1), 3487 - 3498                         3488 

smart-government initiatives in public sector 

organisations in the UAE. This lack of evaluation 

models could lead to inadequate decision-making 

processes that may result in the inefficient use of 

resources and the inability to achieve the intended 

benefits of smart-government initiatives. 

Furthermore, Tossy (2017) highlighted that there 

is no model in the UAE that evaluates smart-

government initiatives from the perspective of key 

stakeholders, including learners and instructors. 

This could result in a lack of understanding of the 

challenges and benefits of smart-government 

initiatives from the end-users’ point of view. 

 

Therefore, the development of an effective and 

comprehensive model for evaluating the adoption 

and utilisation of smart-government initiatives in 

public sector organisations in the UAE is required. 

Such a model should consider various factors such 

as user characteristics, context, environmental 

factors, and trust, as identified by Alshehhi and 

Dwivedi (2021) in their study on the adoption of 

smart-government services in the UAE. The 

model should also take into account the 

perspectives of different stakeholders, including 

learners and instructors, to ensure that their needs 

and expectations are met. The importance of 

considering stakeholder perspectives is 

emphasised by Bhalalusesa et al. (2021), who 

reported that only 12.4% of 90 instructors who 

attended training in the Open Public Sector 

Organisation of the UAE used the system, 

indicating a lack of buy-in from key stakeholders. 

 

The absence of an effective and exhaustive 

evaluation model for smart-government initiatives 

in public sector organisations in the UAE is a 

significant issue. The development of a 

comprehensive model that considers user 

characteristics, context, environmental factors, 

trust, and stakeholder perspectives is required to 

ensure the successful adoption and utilisation of 

smart-government initiatives in the public sector 

organisations of the UAE.In addition, e-learning is 

a form of learning that employs digital technology 

to facilitate the transmission of knowledge content 

between tutors and learners or between learners. 

Smart-government initiatives, on the other hand, 

involve the use of technology to facilitate learning 

anytime and anywhere, with learners assuming the 

role of organisers and instructors serving as both 

content providers and moderators of the learning 

activities (Pambreni et al., 2019; Pushpakumara et 

al., 2019). The adoption of an e-learning system in 

public sector organisations is essential for 

enhancing their performance and fostering 

efficient and effective learning. 

 

This study aims to address the problem of public 

sector organisations in the United Arab Emirates’ 

(UAE) limited adoption and utilisation of smart-

government initiatives. There is no effective and 

comprehensive model for evaluating user 

acceptance, user satisfaction, and utilisation of 

smart-government initiatives in UAE public sector 

organisations (Ahmed, 2021; Al-Aulamie, 2021; 

Hashim et al., 2023). In addition, there is no 

model in the UAE that evaluates smart-

government initiatives from the perspective of key 

stakeholders, including learners and instructors. 

To promote the successful implementation of 

smart-government initiatives in the UAE’s public 

sector organisations, it is necessary to resolve 

these issues. 

 

A model is a collection of interconnected and 

interdependent phenomena components that can 

be expressed mathematically or graphically. Thus, 

a model may serve as a strategy. The adoption rate 

of smart-government initiatives varies between 

developing, African, and other subregions. Thus, 

public sector organisations in the United Arab 

Emirates prefer Moodle-based solutions to wise 

government initiatives (Al-Sabawy, 2021). 

However, the adoption and application of smart-

government initiatives in UAE public sector 

organisations lags significantly behind. According 

to DeLone and McLean (1992) and Lyytinen and 

Hirschfeld (1987), system utilisation is one sign of 

effective information systems. 

 

The slow adoption and application of smart-

government initiatives in UAE public sector 

organisations have been a cause of concern. The 

country has been investing in smart-government 

initiatives to enhance the efficiency and 

effectiveness of public services, but the uptake of 

these initiatives has been slow. One major issue is 

the lack of an effective and comprehensive model 

for evaluating user acceptance, user satisfaction, 

and utilisation of smart-government initiatives in 

public sector organisations in the UAE. Without 

an effective evaluation model, it becomes 

challenging to understand the impact of these 

initiatives on public sector performance. 

 

Another issue is the lack of a model in the UAE 

that evaluates smart-government initiatives from 

the perspective of key stakeholders, including 

learners and instructors. This can be detrimental to 

the success of smart-government initiatives as 
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they are primarily designed to improve learning 

outcomes and enhance the overall learning 

experience. Without understanding the views and 

opinions of learners and instructors, it becomes 

challenging to assess the effectiveness of smart-

government initiatives in meeting their intended 

goals. 

 

Therefore, there is an urgent need for the 

development of an effective and comprehensive 

model for evaluating the adoption and utilisation 

of smart-government initiatives in UAE public 

sector organisations. Such a model should 

consider factors such as user acceptance, user 

satisfaction, impact on learning outcomes, and 

stakeholder perspectives. The model should be 

developed in consultation with different 

stakeholders to ensure its effectiveness and 

relevance to the UAE context. 

 

Furthermore, the slow adoption and application of 

smart-government initiatives in UAE public sector 

organisations can be attributed to the lack of an 

effective and comprehensive evaluation model. 

The development of such a model can help to 

improve the adoption and utilisation of smart-

government initiatives and enhance the efficiency 

and effectiveness of public services. 

 

Literature Review 

E-learning is a term that is defined in various ways 

by different researchers. According to Adkins 

(2021), e-learning refers to any form of learning 

that is facilitated through the use of the Internet 

and other new forms of information and 

communication technology. Laurillard (2006) 

defines e-learning as any teaching and learning 

that is enhanced through the use of digital 

technology. Moore et al. (2021) define e-learning 

as all forms of electronically supported teaching 

and learning. On the other hand, deMaagd et al. 

(2021) define e-learning as a type of learning that 

employs electronic technologies to access 

educational curriculum outside of the traditional 

classroom. Mohammadi and Emdadi (2021) 

define e-learning as a learning process that 

employs internet technology to design, implement, 

administer, and develop learning. 

 

In a cloud-computing environment, an e-learning 

system is a type of system in which the software, 

platform, and infrastructure are all commissioned 

to a dedicated vendor, from whom the institution 

receives a metered service on demand, provided 

there is an internet connection (Riahi, 2015; Ishaq 

and Brohi, 2015). The terms e-learning, electronic 

learning, and e-learning system are used 

interchangeably and are essentially synonymous in 

this study. According to Mtebe and Raisamo 

(2021) and Sharma and Mishra (2007), e-learning 

can be divided into several categories. In this 

regard, learning materials may be stored as 

hardcopy or softcopy, in softcopy using CD, 

DVD, portable or nonportable hard disc, and tape 

drive. 

 

According to Sharma and Mishra (2007), the three 

components of e-learning are the source of 

learning materials, digital devices, and digital 

networks. The origin of the circulation of learning 

materials is the source of the learning materials. It 

facilitates sessions in a collaborative and 

interactive environment where an instructor or 

learner can act. The digital device is the end-user 

access tool, a device to send or receive learning 

materials and provide a means to transmit diverse 

content, including any type of digital device with 

which the user is familiar. The digital network is 

the link between the location where e-learning 

materials are accessible and the end consumers. 

This connection, which may be fixed or wireless, 

connects the source of learning materials to 

beneficiaries, who may be learners, tutors, or other 

e-learning consumers. The network may restrict 

users to accessing the materials only when they 

are in school/on campus as the location of e-

learning is a limitation in this aspect. Intranet e-

learning describes this type of e-learning. Internet 

learning, in contrast to intranet e-learning, allows 

the user to access e-learning from anywhere using 

any digital device. 

This research provides information on developing 

countries, the adoption of e-learning, and models 

and theories associated with technology adoption. 

Developing countries are nations in need of 

equitable and sustainable economic and social 

development. Low-income countries have a Gross 

National Income (GNI) per capita of $995 or less, 

while middle-income countries have a GNI per 

capita between $996 and $3,945, and high-income 

countries have a GNI per capita of $12,196 or 

more. Malaysia is an upper middle-income 

country, while the United Arab Emirates is a low-

income developing country. 

 

The adoption of e-learning in developing countries 

began in the 1990s as a result of the advent of the 

internet and the rise of digital communication. The 

majority of research on e-learning adoption in 

developing countries has focused on the 

educator’s perspective, with few studies 
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investigating both the instructor and learner’s 

perspectives. 

 

This research also examines models and theories 

associated with technology adoption, including the 

Theory of Planned Behaviour (TPB), the 

Technology Acceptance Model (TAM), the 

Diffusion of Innovation (DOI), and the Unified 

Theory of Acceptance and Use of Technology 

(UTAUT). These models predict the intention and 

use of technology, as well as its impact on 

individuals and organisations, using a variety of 

variables. In the UAE’s public sector 

organisations, the study seeks to identify factors 

for evaluating smart-government initiatives 

successfully. 

 

Information technology has become integral to 

contemporary government operations, resulting in 

the development of smart-government initiatives 

that employ IT to improve the delivery of public 

services. It is crucial to evaluate the success of 

these initiatives in order to justify the investment 

and guide future enhancements. In this regard, 

Mtebe (2015) outlines three ways of measuring 

the success of smart-government initiatives: 

usage, user satisfaction, and return on investment 

(RoI). 

 

Utilisation is an essential indicator of success in 

information systems, including smart-government 

initiatives. Several studies have linked the use of 

an e-learning system to enhanced learner 

performance (Filippidi et al., 2020; Jo et al., 2021; 

Naveh et al., 2020; Hashim et al., 2023). Wixom 

and Todd (2005) propose that technology 

acceptance (intention to use and actual use) and 

user satisfaction are two ways to measure the 

success of information systems. 

 

User satisfaction is an additional essential metric 

for measuring the success of smart-government 

initiatives. The correlation between user 

satisfaction and system performance is significant 

for successful adoption and implementation 

(Tella, 2022; Naveh et al., 2020; Shee & Wang, 

2018; Wang, 2003). Consequently, the design and 

implementation of smart-government initiatives 

must ensure user satisfaction. 

 

The return on investment (RoI) is an additional 

metric for measuring the success of smart-

government initiatives. This method compares the 

amount of output received to the amount of input 

invested (Mtebe, 2015). For comparisons, the 

output and input variables must be converted to 

the same unit of measurement (Urbach & Müller, 

2022; Govindasamy, 2001). Nevertheless, if the 

investment is in monetary values, the output 

counterpart must also be converted to monetary 

values. This can be difficult because not all output 

elements can be converted to monetary values 

(Mtebe, 2015). 

 

DeLone and McLean (2003) revised their 

information system model to provide a 

comprehensive framework for evaluating the 

success of an IS. The model is founded on the 

communication transmission concept proposed by 

Shannon and Weaver (1948; 1949) and the 

extended theory devised by Mason (1978). 

 

The updated model incorporates semantic, 

technical, and effectiveness challenges that must 

be overcome for IS success. The semantic 

problem relates to the system’s capacity to convey 

the intended meaning, whereas the technical 

problem entails overcoming technical obstacles 

such as precision, interface, and efficiency. The 

effectiveness issue relates to the anticipated 

influence on the recipient’s behaviour, such as 

intention to use, usage, user satisfaction, and 

individual and organisational outcomes. 

 

In conclusion, evaluating the success of smart-

government initiatives is crucial for justifying 

investments and guiding enhancements. The three 

ways of measuring success, use, user satisfaction, 

and return on investment, offer distinct 

perspectives and necessitate distinct evaluation 

methods. The updated IS model by DeLone and 

McLean provides a comprehensive framework for 

evaluating IS success, taking semantic, technical, 

and effectiveness issues into consideration. Using 

these methods and frameworks, governments can 

effectively evaluate the success of their smart-

government initiatives and enhance the delivery of 

public services. 

 

The success of e-learning and smart-government 

initiatives has been the subject of research for a 

number of years, and a number of studies have 

measured their impact on learners and employees. 

The Information Systems (IS) success model, 

which was adapted from the DeLone and McLean 

model of 1992, is one method to measure success. 

This model identifies three significant obstacles to 

be overcome: semantic, technical, and 

effectiveness. Effectiveness encompasses 

individual and organisational impact as well as 

user acceptance, use, and satisfaction. 
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Tossy (2017) utilised the IS success model to 

measure the impact of e-learning on the 

achievement of learners in four UAE public sector 

organisations. The study found that learners’ 

acquisition of knowledge and skills, their 

development as autonomous learners, and their 

motivation were significant determinants of their 

achievement. 

 

Marjanovic, Deli, and Lalic (2016) developed a 

model to evaluate the success of smart-

government initiatives in a manufacturing firm in 

an economy in transition. The study incorporated 

a new construct, user performance, into the 

DeLone and McLean (2003) model. The study 

validated the model using a combination of 

observation and survey methods and Structural 

Equation Modelling (SEM). 

 

In addition, the success of e-learning and smart-

government initiatives can be measured using a 

variety of models and constructs. The IS success 

model and the DeLone and McLean (2003) model 

are commonly used to measure the effectiveness 

of information systems and smart-government 

initiatives. Other factors, such as user 

performance, self-efficacy, and perceived utility, 

have also been found to impact the success of 

these initiatives. Further research is required to 

validate these models and identify additional 

factors that impact the success of e-learning and 

smart-government initiatives. 

Materials and Methods 

Data collection is the process of accumulating 

information to address a concern or test a 

hypothesis (Azam et al., 2021; Bryman & Bell, 

2021). Depending on the research design and the 

nature of the concern, the type of data collection 

method used will vary. 

 

The data collection method in this research study 

was survey. Using questionnaires, interviews, or 

other methods, a survey collects data from a 

sample of individuals (Oppenheim, 1992; Dewi et 

al., 2019; Manju et al., 2023). The survey method 

was chosen for this study because it permitted the 

collection of data from a large number of 

respondents in a brief amount of time (Stangor, 

2021). 

 

A structured questionnaire served as the survey 

instrument for this study. The questionnaire was 

devised on the basis of a comprehensive literature 

review and the research objectives. The 

questionnaire was divided into two sections, the 

first of which focused on the respondents’ 

demographic information and the second on their 

concerns.  

 

This study employed a stratified random sampling 

method for its sampling population. Public sector 

organisations in the UAE that have incorporated 

smart-government initiatives made up the 

population of interest. The population was 

stratified based on the emirates in the UAE, which 

are Abu Dhabi, Dubai, Sharjah, Ajman, Umm Al 

Quwain, Ras Al Khaimah, and Fujairah. A 

catalogue of public sector organisations in each 

emirate was obtained from the official government 

websites, and a sample was drawn proportionally 

from each emirate based on population size. Using 

the formula provided by Azam et al., (2021), the 

sample size was calculated to be 353, including 

191 learners and 162 instructors, using a 

quantitative research design. 

 

The Google Forms platform was used to capture 

data through an online survey. The URL to the 

survey was sent via email to the selected 

respondents, who were given three weeks to 

complete it. During the period of data collection, 

two reminders were sent to enhance the response 

rate. Using descriptive statistics and inferential 

statistics, the collected data was analysed. The 

demographic information of respondents and their 

responses to the concerns were characterised by 

descriptive statistics. The hypotheses were tested 

using inferential statistics, such as the chi-square 

test and regression analysis, to determine the 

relationships between variables. Statistical 

Package for the Social Sciences (SPSS) software 

was utilised for the data analysis. 

 

Research Findings  

The term factor loading refers to the relationship 

between an observed variable (in this case, a 

survey item) and a latent variable (a factor). It 

indicates how much of the observed variable’s 

variance the factor can explain. In Exploratory 

Factor Analysis (EFA), the objective is to identify 

the underlying factors that explain patterns of 

correlations between observed variables. The 

factor loading values derived from EFA reveal the 

intensity of the association between each survey 

item and the identified factors. In this study, factor 

loadings greater than 0.5 are considered 

significant and indicate a strong association 

between the survey item and the factor to which it 

is related. 

 

The results of this study’s factor analysis indicate 

that the survey items are concentrated together in 



Smart-Government Initiatives On Public Sector Performance: Strategies Employed 

By The United Arab Emirates (UAE)  Section A-Research Paper 

 

Eur. Chem. Bull. 2023, 12(Regular Issue 1), 3487 - 3498                         3492 

a meaningful manner, with items from the same 

factor having high factor loadings. This bolsters 

the construct validity of the survey instrument, 

indicating that it is measuring what it is intended 

to measure. In general, the results of the factor 

analysis suggest that the survey instrument is a 

reliable and legitimate instrument for assessing 

learners’ perspectives on e-learning. 

 

Construct validity refers to the extent to which a 

measurement instrument, such as a learner 

measurement model, accurately measures the 

intended latent construct (Kline, 2016). It is one of 

the most critical types of validity in measurement 

theory, as it ensures that a tool measures what it is 

intended to measure. Researchers use various 

methods to assess construct validity, including 

factor analysis, confirmatory factor analysis, and 

structural equation modelling (Byrne, 2016). 

 

The three categories of construct validity are 

convergent validity, discriminant validity, and 

nomological validity (Kline, 2016). Convergent 

validity assesses the extent to which multiple 

measures of the same construct are highly 

correlated, while discriminant validity assesses the 

extent to which different constructs are not highly 

correlated (Fornell & Larcker, 1981). Finally, 

nomological validity assesses the extent to which 

the construct is related to other constructs in a 

theoretically meaningful way. 

 

Absolute fit, incremental fit, and parsimonious fit 

are the three categories of fitness indices that are 

used to measure construct validity (Hu & Bentler, 

1999). Absolute fit measures the degree of 

correspondence between the model and the data, 

while incremental fit measures the improvement 

in model fit when additional parameters are added 

to the model. Finally, parsimonious fit assesses the 

fit of the model with the fewest number of 

parameters possible (Kline, 2016). 

 

Overall, assessing construct validity is essential to 

ensure that a measurement instrument is reliable 

and accurately measures the intended 

construct.Overall, the construct validity of the 

learner measurement model was adequate, 

indicating that it measured the intended latent 

construct accurately. 

 

The learner model analyses the impact of 

numerous factors on e-learning adoption and 

satisfaction. The model proposes that instructor 

quality, technical system quality, system quality, 

environmental factors, public sector organisation 

readiness, learner satisfaction, intention to use, 

perceived benefits, trust, and actual use of e-

learning platforms all play a role in determining 

the success of e-learning platforms. 

 

The standardised coefficient (-beta) assesses the 

relative significance of each predictor variable 

within the model. A positive coefficient indicates 

that an increase in the predictor variable is 

associated with an increase in the outcome 

variable, whereas a negative coefficient indicates 

the opposite. 

 

The hypothesis statements provide estimates of 

the impact of each predictor variable on the 

outcome variables. Example: According to 

Hypothesis H1a, instructor quality has a positive 

and statistically significant impact on e-learning 

usage, with an estimated impact of 0.181%. This 

suggests that a one-unit increase in instructor 

quality would result in a 0.181% increase in the 

actual use of e-learning. 

 

Similarly, instructor quality has a significant 

impact on learner satisfaction, as indicated by a 

coefficient of 0.43. This implies that an increase in 

instructor quality would result in a larger increase 

in learner satisfaction compared to other variables 

in the model. 

 

The estimated impact of technical system quality 

on intention to use is 0.175%, indicating that an 

increase in technical system quality would result 

in an increase of 0.175% in intention to use. This 

finding suggests that learners place a high priority 

on the quality of the e-learning platform itself 

when determining whether or not to utilise it. 

 

Additionally, system quality has a positive and 

statistically significant influence on technical 

system quality, as measured by a coefficient of 

0.513. This suggests that an increase in system 

quality would result in a greater increase in 

technical system quality compared to other model 

variables. Consequently, a high-quality e-learning 

system would likely lead to higher technical 

system quality and, in turn, greater intention to use 

and learner satisfaction. 

 

Interestingly, system quality has a negative impact 

on intention to use, with a coefficient of -0.082. 

This may be due to the fact that learners are more 

likely to employ e-learning platforms when the 

system is novel and thrilling, but become less 

motivated to use the platform as time passes and 

the system becomes more familiar. 
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The estimated impact of learner satisfaction on 

intention to use is 0.705, indicating that learner 

satisfaction is the most important predictor 

variable for intention to use. This finding suggests 

that if learners are satisfied with the e-learning 

platform, they are more likely to continue using it. 

 

Moreover, intention to use has a significant 

influence on trust, with an estimated impact of 

0.717%. This indicates that learners who intend to 

use the platform are more likely to trust it, which 

is an important factor in their decision to use the 

platform. 

 

With a coefficient of 0.097, the actual use of e-

learning has a positive and statistically significant 

influence on learner satisfaction. This finding 

suggests that learners who utilise the platform are 

more likely to be satisfied with it, which could 

lead to a higher intention to use and, ultimately, a 

higher rate of adoption. 

 

Additionally, the learner model provides insight 

into the numerous factors that affect e-learning 

adoption and satisfaction. The standardised 

coefficients (-betas) provide estimates of the 

relative relevance of each predictor variable in the 

model, with positive coefficients indicating a 

direct relationship and negative coefficients 

indicating an inverse relationship. Overall, the 

model suggests that instructor quality, technical 

system quality, system quality, learner 

satisfaction, intention to use, trust, and actual e-

learning use are important factors to consider 

when designing and implementing e-learning 

platforms. 

 

The purpose of this research study is to present 

three validated Multi-Factors Models based on 

learner perceptions, instructor perceptions, and 

hybrid models for successful evaluation of 

adopted smart-government initiatives and their 

impacts in the public sector organisations of The 

United Arab Emirates.  

 

The United Arab Emirates (UAE) has 

implemented wise government initiatives to 

enhance public sector services. It is important to 

consider both the learner and instructor points of 

view in order to ensure the effectiveness of these 

initiatives. Factors such as the technology’s 

usability, accessibility, and applicability are 

important from the perspective of the learner. 

Instructors, on the other hand, value factors such 

as training and support, as well as the ability to 

modify and adapt the technology to their specific 

requirements. 

 

Smart-government initiatives can be evaluated 

from both perspectives using multifactor models. 

Factors like user satisfaction, system usability, and 

technology acceptance may be included in 

proposed models. With factors such as system 

quality, information quality, and service quality 

being evaluated, validated models can provide a 

more precise assessment of the effectiveness of 

the initiatives. 

 

By combining the validated learner and instructor 

models, a hybrid model can be developed. This 

model can provide a comprehensive evaluation of 

smart-government initiatives, taking into 

consideration the requirements and perspectives of 

both learners and instructors. The hybrid model 

can assist in identifying areas for enhancement 

and directing the future development and 

implementation of smart-government initiatives in 

the UAE. To answer the first question, the 

researchers conducted a comprehensive literature 

review and identified 12 factors from the learner’s 

point of view and 11 factors from the instructor’s 

point of view that affect the adoption and use of 

smart-government initiatives in public sector 

organisations in UAE. 

 

To answer the second concern, the researchers 

developed two proposed Multi-Factors Models 

based on the IS model of DeLone and McLean 

(2003), one for the learner’s point of view and one 

for the instructor’s point of view. The models 

were validated using SEM (Structural Equation 

Modelling) on data collected from learners and 

instructors at one public sector organisation, and 

tested using data collected from eight public sector 

organisations. 

 

To address the third concern, the researchers 

developed a hybrid model for evaluating smart-

government initiatives based on the validated 

learner model and the validated instructor model. 

The hybrid model was developed by combining 

the predictors from both models and using 

perceived benefits as the outcome variable. The 

hybrid model was validated using SEM on 

collected data from eight public sector 

organisations. 

 

Conclusion and Recommendation 

The United Arab Emirates (UAE) has made 

significant progress in implementing smart-

government initiatives within the public sector. 
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However, evaluating the success of such 

initiatives is essential for their ongoing 

development and long-term viability. This 

research study intended to contribute to the body 

of knowledge (theory) in the disciplines of 

information systems and smart-government 

initiatives by proposing and validating models for 

evaluating the adoption and its effects of smart-

government initiatives in the United Arab 

Emirates. The research focused on the points of 

view of learners and instructors, supporting the 

validity of the proposed models. 

 

The study utilised a baseline model (McLean & 

DeLone, 2003) as a framework for assessing the 

adoption and impact of smart-government 

initiatives in the UAE. However, it expanded upon 

the foundational model by adding Trust, 

Environmental factors, and Public sector 

organisation readiness. These concepts are 

essential because they aid in evaluating the public 

sector organization’s preparedness to implement 

and sustain smart-government initiatives. 

 

The research discovered that Trust, Environmental 

factors, and Public sector organisation 

preparedness are rarely incorporated into the base 

model. The study’s findings demonstrated the 

usefulness of these constructs, as evidenced by 

this research. This suggests that in UAE public 

sector organisations, organisational settings 

(readiness of the public sector organisation), 

environmental demand/pressure, and subjective 

culture (trust) have the greatest impact on learners. 

 

The study also discovered that the impact of 

Service Quality on Technical System Quality (SQ 

TSQ) was significant in both the learner and 

instructor models. This finding provides empirical 

evidence regarding the relationship between two 

exogenous factors, Service Quality and Technical 

System Quality, that existed previously. This 

relationship is crucial, particularly for smart-

government initiatives, as the majority of studies 

in this field do not provide the relationship 

between the exogenous factors, namely Service 

Quality, System/Technical Quality, and Course 

Quality. 

 

In addition, the study subdivided System Quality 

into two subcategories, Educational System 

Quality and Technical System Quality, in order to 

test them individually as opposed to generally. In 

addition, Intention/Use was divided into Intention 

to Use and Actual E-Learning Use. These 

enhancements to the foundational model served to 

provide a more thorough and precise evaluation of 

smart-government initiatives. 

 

This research study made significant contributions 

to knowledge (theory) in the disciplines of 

information systems and smart-government 

initiatives. The proposed and validated models for 

successfully evaluating adoption and its impacts 

of smart-government initiatives in the UAE are 

comprehensive, as they take into account all four 

themes of smart-government initiatives, namely 

technology, information, user characteristics, and 

context. In addition, the models were validated 

from various points of view of learners, 

instructors, and learners, which increases their 

validity. In addition, the study expanded the 

foundational model by incorporating key concepts 

such as Trust, Environmental factors, and Public 

sector organisation readiness. In conclusion, the 

study’s findings revealed a significant impact of 

Service Quality on Technical System Quality, 

which provide empirical evidence of the 

relationship between these two exogenous factors. 

Overall, this research study provides a hybrid 

model for evaluating smart-government initiatives, 

which is founded on the validated learner model 

and validated instructor model. 

 

The research study has significant practical 

implications for public sector organisations 

implementing wise government initiatives. The 

study provides three instruments that can be used 

to evaluate the success of these initiatives from the 

perspectives of various users, including learners, 

instructors, and a combined view. This enables an 

exhaustive comprehension of the impact of these 

initiatives on various stakeholders. 

In addition, the study highlights the critical role of 

Trust, Environmental factors, and Public sector 

organisation preparedness in the successful 

implementation of smart-government initiatives. 

Specifically, the study emphasises the significance 

of factors such as ICT policy, competitive 

pressure from peer public sector organisations, top 

management support, financial support, internet 

accessibility, and utility power in the successful 

evaluation of these initiatives. These factors must 

be taken into account when implementing smart-

government initiatives, as they can substantially 

impact the initiatives’ success. 

 

The study emphasises the importance of service 

quality in the technical system quality of smart-

government initiatives, an aspect that is often 

overlooked in related studies. The findings 

provide empirical evidence of the relationship 
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between service quality and technical system 

quality, highlighting the need for educational 

institutions and public sector organisations to 

understand the importance of providing high-

quality services to support the successful 

implementation of smart-government initiatives 

(Rachmawati et al., 2019). 

 

The insights and instruments provided by this 

research study can be useful for public sector 

organisations and educational institutions in 

implementing and evaluating smart-government 

initiatives effectively. By considering the factors 

highlighted in this study, organisations can ensure 

that the initiatives they implement meet the needs 

of stakeholders and are effective in achieving their 

objectives (Tham et al., 2017; Udriyah et al., 

2019). 

 

Furthermore, the study also emphasises the 

importance of understanding user satisfaction and 

return on investment as additional metrics for 

measuring the success of smart-government 

initiatives. These metrics can help organisations 

measure the effectiveness of their initiatives and 

make necessary adjustments to improve their 

impact. 

 

Overall, this study provides critical insights into 

the factors that influence the success of smart-

government initiatives and highlights the 

importance of considering service quality, user 

satisfaction, and return on investment as essential 

metrics in measuring the success of such 

initiatives. By taking these factors into account, 

organisations can ensure that their initiatives meet 

the needs of stakeholders and contribute to the 

broader goal of building smart and efficient 

government systems.The research study provides 

several suggestions for organisations within the 

public sector that have implemented smart-

government initiatives. The study emphasises the 

significance of contemplating multiple factors 

when evaluating smart-government initiatives 

successfully. It suggests that public sector 

organisations should evaluate the effectiveness of 

initiatives using models that incorporate multiple 

factors, such as those developed in the study. 

These models take into consideration the 

requirements and points of view of various 

stakeholders who use the e-Learning system, as 

well as all the components required to make e-

Learning sustainable. 

 

In addition, the study suggests that public sector 

organisations give attention to Trust, Public sector 

organisation preparedness, and Environmental 

factors, which are typically neglected by the 

majority of models and frameworks. These factors 

have been determined to be crucial for the 

successful adoption and evaluation of smart-

government initiatives, and they can significantly 

enhance service delivery. 

 

The research study recommends involving a wider 

range of stakeholders in future research to 

establish a robust platform for the adoption and 

evaluation of smart-government initiatives. This 

will enable organisations to ensure that their 

initiatives meet the needs of stakeholders and are 

effective in achieving their objectives. The study 

also suggests testing the developed models in 

different countries and diverse domains to 

increase their applicability. 

 

The study proposes using qualitative or a 

combination of qualitative and quantitative 

approaches in future research to understand the 

changes in technology and context. It also 

recommends the inclusion of necessary constructs 

to enhance the understanding of smart-government 

initiatives. Investigating moderating variables 

such as age, gender, and experience in relation to 

smart-government initiatives can also provide 

further insights into the adoption and effectiveness 

of such initiatives. 

 

Furthermore, the study recommends exploring the 

integration of games into course components to 

improve learner engagement and learning 

outcomes. The study also recommends 

incorporating course components such as contents, 

design, and delivery, which have been neglected 

in the evaluation of smart-government initiatives 

in public sector organisations in the United Arab 

Emirates (UAE). In summary, the research study 

provides useful recommendations for public sector 

organisations on how to successfully adopt and 

evaluate smart-government initiatives. It also 

highlights areas for future research that can 

enhance our understanding of such initiatives and 

increase their effectiveness. 
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